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Problem Contributions

Learning video-specific features by adapting deep

CNN based on contrastive and triplet loss

An improved symmetric triplet loss function
(SymTriplet)
A fully automatic multi-face tracking algorithm

Frequent shot changes (detection, tracking, clustering, and feature
Large face appearance variations adaptation)

Low resolution, motion blurring, occlusion and so on A new dataset with 8 music videos from YouTube
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Face Recognition Dataset

Adaptive Feature Learning Weighted Purity vs. #Clusters
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A SymTriplet loss:
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t-SNE visualization Qualitative Results
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Quantitative Evaluation

Music video dataset
Method t NEOA § C!l C@l L5{Q@

mTLDOKalalet al. 2012] 36.1% . 0.39 280

ADMM [Ayazogliet al.
2012] 61.8% : 0.50 2382

IHTLSDicleet al. 2013] 68.0% . 0.41 2013

Pretrained 88.8% . 0.17 931

OursSiamese 89.4% . 0.19 986

OursTriplet 88.8% : 0.20 902

OursSymTriplet 89.7% : 0.19 699
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